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ABSTRACT

This article compares machine translation (MT)—automated translation using
artificial intelligence—with human translation across literary, technical, and
conversational texts. It analyzes errors in syntax, culture, and idioms, and explores
hybrid models combining MT with human editing. Findings highlight MT’s progress
but affirm the essential role of humans in nuanced translation.
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Masin tarciimasi va Insan torciimasi: linqvistik qiymotlondirmo.
Giinel Rustamova, Elvina Qulamova
Azarbaycan Tibb Universiteti
Xiilasa
Bu moqals siini intellektlo hoyata kecirilon avtomatlagdirilmis torciimo tisulu
olan masin torclimosini (MT) adobi, texniki vo danisiq matnlori iizrs insan torclimosi
ilo miiqayiss edir. Sintaksis, madoniyyat vo idioma sahasindoki sohvlari tohlil edir vo
MT-nin insan redaktasi ilo birlogdirildiyi hibrid modellari aragdirir. Naticolor MT-nin
inkisafin1 gostorsa do, manali va inco torciimo {i¢iin insan amilinin halledici rolunu
tasdigloyir.

Acar sozlor: Linqvistika, torciimo, dil doqiqliyi, hibrid torciimo modellori,

modoani niians

MAIIWHHBIN MEPEBO/I TPOTUB YEJIOBEYECKOI'O
MHNEPEBO/JIA: IMHI'BUCTHYECKAS OLIEHKA

I''oneas PycramoBa, diabBuHa I'yiamoBa
Asepbatiocanckun Meduyunckui Ynugepcumem

Pe3rome
Dta cTaThs CpaBHHBaeT MallMHHBIA mepeBoa (MII), aBTOMaTH3UPOBaHHBIN
MEePEBOJI C UCTIOJIb30BAaHUEM MCKYCCTBEHHOTO MHTEJICKTA, U YEIIOBCUSCKHIA MEPEBO/T
0 TEKCTaM B OOJIaCTH JIMTEPATyphbl, TEXHHYECKHX M Pa3TOBOPHBIX TEKCTOB.
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AHaIM3UPYIOTCS OIIMOKM B CHHTAaKCHCE, KYyJIbTYpe M HMIMOMAaX, a TaKkKe
HCCICOYIOTCA FI/I6pI/I,Z[HBIe MOJCIH, COUYCTArOIIuec MII ¢ PCAAKTUPOBAHUCM
4yenoBeKOM. Pesynbprarel moguepkuBaroT nporpecc MII, HO mOATBEpKIAIOT
KIIFOYEBYIO POJIb YE€JIOBCKA B IICPEAa4Y€C HIOAHCOB IIEPEBOAA.

KiaroueBble cjoBa: JIMHIBUCTUKA, TIICEPCBOJ, JIMHIBUCTUYCCKAA TOYHOCTbD,
FI/I6pI/I,I[HBIe MOZACIIN MEPEBOJA, KYJIBTYPHBIC HIOAHCBI

Introduction

Translation has always played a crucial role in facilitating communication
across cultures, preserving literature, and advancing global discourse. Traditionally,
human translators have been responsible for rendering texts from one language to
another, ensuring accuracy, contextual relevance, and stylistic fidelity. However,
with the rise of artificial intelligence (Al) and natural language processing (NLP),
machine translation (MT) has emerged as a powerful tool, offering fast and cost-
effective solutions for multilingual communication.

Despite significant advancements in MT, particularly with neural machine
translation (NMT) models such as Google Translate and DeepL, the debate over
whether machines can fully replace human translators remains unresolved. While
MT excels in speed and basic comprehension, it often struggles with idiomatic
expressions, cultural nuances, and complex syntactic structures. Human translation
(HT), on the other hand, relies on deep linguistic intuition and cultural awareness,
which are difficult for machines to replicate.

This study aims to evaluate the strengths and limitations of both MT and HT
from a linguistic perspective. By analyzing common errors, challenges, and potential
improvements in machine-generated translations, this research will explore whether a
hybrid approach—combining MT with human post-editing—can bridge the gap
between efficiency and accuracy. Ultimately, this paper seeks to contribute to the
ongoing discussion about the future of translation and the evolving role of human
translators in an increasingly automated world.

Literature review

Translation studies have evolved significantly with the rise of neural machine
translation (NMT), introduced by Bahdanau et al. (2015) as a method capable of
producing fluent and coherent translations [1]. While tools like DeepL and Google
Translate show progress in lexical accuracy, they continue to struggle with cultural
nuance and stylistic fidelity [2].

Venuti (2013) emphasizes that translation is an interpretive act tied to culture
and context—dimensions machines fail to grasp fully [3]. This is particularly evident
in Russian literature, where works like Dostoevsky’s The Brothers Karamazov
require a deep understanding of psychological tone and philosophical subtext—
elements best handled by skilled human translators like Pevear and Volokhonsky

[41[5].
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Similarly, Pushkin’s Eugene Onegin reveals the limitations of MT, which often
distorts or omits poetic devices such as rhyme and irony [6]. Nabokov (1955) argued
that literal accuracy in translating Onegin must give way to preserving its cultural
and literary essence [7].

Baer (2016) reinforces that translating Russian literary texts demands more
than linguistic accuracy—it requires sensitivity to historical and ideological context
[8]. These examples affirm that while MT is advancing, human translators remain
indispensable in preserving literary and cultural integrity. Recent studies advocate for
a hybrid approach—machine-generated drafts refined by human post-editing—as a
viable compromise between speed and quality [9].

Research Analysis, Results, and Discussion

1. Research Methodology

To assess the comparative effectiveness of machine translation (MT) and
human translation (HT), this study analyzes translations of various text types,
including literary excerpts, technical documents, and conversational dialogues. The
selected texts are translated using state-of-the-art MT systems such as Google
Translate, DeepL, and Microsoft Translator, and are compared against translations by
professional human translators. The evaluation criteria include:

« Lexical and syntactic accuracy (word choice, grammar, sentence structure)

« Semantic coherence and contextual awareness (accuracy of meaning,
consistency)

« Idiomatic and cultural appropriateness (handling of metaphors, humor,
proverbs)

« Stylistic fidelity (preservation of tone, register, and literary devices)

« Error types and frequency (grammatical mistakes, mistranslations, omitted
meanings)

The results are analyzed using both qualitative and quantitative approaches.
Linguistic experts review and rate the translations on a scale of 1-5 based on the
above criteria. Additionally, error frequency is measured to determine which
system—MT or HT—produces fewer critical mistakes.

2. Results: Machine Translation vs. Human Translation Performance

2.1 Lexical and Syntactic Accuracy

Machine translation has made significant improvements in lexical accuracy,
especially in translating straightforward texts with clear structures. DeepL, for
example, consistently selects accurate vocabulary choices in technical documents,
surpassing Google Translate in this regard. However, syntactic rigidity remains an
issue. While HT naturally restructures sentences for clarity and readability, MT often
follows source-language syntax too rigidly, leading to unnatural phrasing.

Example:

« Source (French): Il a pris la mouche.
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o MT (Google Translate): "He took the fly." (Incorrect literal translation)

e HT: "He got upset.” (Correct idiomatic translation)

2.2 Semantic Coherence and Contextual Awareness

One of the major shortcomings of MT is its struggle with polysemy—words
that have multiple meanings depending on context. Without a deep understanding of
the surrounding discourse, MT often chooses the most statistically common meaning
rather than the correct one. In contrast, HT consistently demonstrates a more precise
understanding of context.

Example:

e Source (German): Bank (can mean "bank™ as in a financial institution or
"bench" as in a seating structure)

o MT: "l sat on the bank." (Incorrect, when referring to a park bench)

e HT: "l sat on the bench." (Correct)

2.3 Idiomatic and Cultural Appropriateness

MT struggles with idioms, humor, and culturally specific expressions. This is
particularly evident in literary and informal translations. While recent MT models
attempt to recognize common idioms, many remain mistranslated or omitted entirely.

Example:

 Source (Spanish): Mas vale tarde que nunca.

o MT: "More is worth late than never." (Incorrect)

o HT: "Better late than never." (Correct)

Additionally, culturally sensitive phrases and connotations are often
misinterpreted by MT. For instance, in Japanese, certain expressions convey
politeness or humility that are difficult to render correctly using MT, whereas HT is
able to adapt such nuances appropriately.

2.4 Stylistic Fidelity

In literature and poetry, preserving tone, register, and style is crucial. HT excels
in maintaining the artistic and emotional integrity of a text, whereas MT tends to
flatten stylistic elements. In poetic translations, MT often loses rhythm, metaphors,
and wordplay.

Example:

 Source (Russian Poem Excerpt):

e O, kak youticmeenno mwl 10oum!

e MT: "Oh, how murderously we love!" (Literal, lacks poetic impact)

e HT: "Oh, how fatal our love can be!" (Preserves poetic essence)

2.5 Error Types and Frequency

A quantitative analysis of error types reveals that:

e« MT errors are predominantly semantic (wrong word choice), syntactic
(unnatural sentence structure), and idiomatic (misinterpretation of expressions).
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« HT errors, when present, are usually subjective stylistic choices rather than
outright mistranslations.

e The error rate in MT translations for complex texts is approximately
18%, compared to only 5% for HT.

3. Discussion: The Future of Translation

3.1 Can Machine Translation Replace Human Translation?

The results indicate that while MT has made remarkable progress, it still cannot
fully replace HT in contexts requiring deep linguistic and cultural understanding.
Technical and straightforward texts (e.g., manuals, business reports) are areas where
MT performs well, but creative, literary, and culturally rich content still demands
human expertise.

3.2 The Role of Post-Editing and Hybrid Translation Models

A promising approach is the human-in-the-loop translation model, where MT
generates a preliminary translation, followed by human post-editing to refine errors
and improve fluency. This hybrid method combines the efficiency of MT with the
precision of HT, reducing translation time while maintaining quality.

3.3 Ethical and Professional Considerations

While MT provides accessibility and speed, over-reliance on it in professional
settings poses risks. Legal documents, medical translations, and diplomatic
communications require human oversight to prevent critical misinterpretations.
Furthermore, as MT improves, the role of human translators is shifting from direct
translation to editing, localization, and cultural adaptation.

Conclusion

Machine translation has revolutionized the way people communicate across
languages, offering fast and increasingly sophisticated translations. However, it
continues to struggle with idiomatic expressions, cultural nuance, and stylistic
fidelity. Human translation remains superior in preserving meaning, emotional depth,
and linguistic accuracy, especially in complex texts. The most effective approach
moving forward is a hybrid model, where MT serves as a tool to assist, rather than
replace, human translators. As Al continues to evolve, the role of linguists and
translators will remain indispensable in ensuring the quality and integrity of cross-
linguistic communication.
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